%‘1ﬁsaﬂsﬁhﬂuﬁkuuﬂﬁam% Journal of Social Science Development | 261

UNAMUIY

52AUNINUNUNA18UYIUTEAYEURI@ITNAUAIIIUEENITINN:
N135U T2 IUAENTBUYIINITNINUDATULAKAZNITA99IU Al LUURNIIAIAY

(CREATE-R)"
OCCUPATIONAL Al AUTOMATABILITY, WAGES AND EMPLOYMENT: AN
ASSESSMENT USING THE AUTOMATION SPECTRUM AND GOVERNED PROMPTING
(CREATE-R)

ailys dudlen, In3u 2WsBY, §R 9Ana

Aniruth Suebsingh, Chakarin Vajiramedhin®, Thiti Raseekul

ATUIMNIANENS AnNINeaEaUasIws1il quasvsall Ussmdlne

Faculty of Management Science, Ubon Ratchathani University, Ubon Ratchathani, Thailand
“Corresponding author E-mail: chakarin.v@ubu.ac.th

"Tel: 0846-668-598

UNANED

n9iTeiliinguszasdiiie 1) Vssiliussfuuasnisnssatsveansgnunudisng Al meendn way
2) Apsgvianudiusiuaidnaarn s W sidelalsinaanndeyaniegilves U.S. Bureau of
Labor Statistics \iieungunian 2024 AsauAgueINTEAUazIBaffideyasuysal 805 817w Uszidiu
§8 GPT-do-mini, Claude Haiku 4.5 Lag Gemini 2.5 Flash Mel@nseu CREATE-R uazladunziuu
AzuuulRd sunufosazveanundni Al fagiuriliiusalud@ly Jinszvidigaifdeanssamun
andiiudifiofdu SuussAnsanduiusniglutu manseaeuanussadsgiinfuduiineuen uaznis
annosldadu namsIsenui AzuuusErIsuUUSaeslinudiiudas uazazuuuRdsiinuaennded
Fuysalszduf (ICCAK) = 0.827) avuuuiad sduiusiudvil Al Occupational Exposure Tuszfugy
(r = 0.727, n = 664) atfuayurunsadsgitn uiilsnsnsnaeulagfidorvglaasmiendngiunis
uwuiusnuiiAnduidunainussny sEAuMIgnUVLladeiniuiesas 32.1 waziledaaimiingae
nsdsnuviiudesay 35.0 Inensdnanuiesas 28.7 agluedndfiazuuudaus 50 Tuly euiadion
wazutenudifiezuuugs dmnuldusnowssinuededazuuudi avuuunisgnunudduius
mavanluseRuiiuaen3fiuad1esisesu (r = 0.234, p < .001) wazaen13iun15d19a1u (r = 0.134,
p < .001) FarsanszuudnluiRganouiisnnsenuauadisisiunan defunuatiuayunisiaun
vinwziEtu Al iagn1steivdenguauiaiourdeifinguns
AdALY: migmmuﬁﬁw Al 92901599 1USRUR, MMTEIULUUENISAIAY, AMd1aLaEN1TENeY,
MSHRNAIAY

" Received 4 July 2026; Revised 19 August 2026; Accepted 31 August 2026



o 0

262 | Vol.9 No.8 (August 2026) Ui 9 avuil 8 Gemen 2569) S5
Abstract

This study aimed to 1) assess the level and distribution of occupational Al automatability
across occupations and 2) analyze its relationships with wages and employment. A quantitative
design was applied to secondary data from the U.S. Bureau of Labor Statistics for May 2024,
covering 805 detailed occupations with complete data. Automatability was assessed by GPT-do-
mini, Claude Haiku 4.5, and Gemini 2.5 Flash operating under the CREATE-R framework, and the
three model scores were averaged. The averaged score represented the estimated percentage of
an occupation's core tasks that current Al could perform or meaningfully automate at the
occupational level. Analyses included descriptive statistics, Pearson correlations, intraclass
correlation coefficients, convergent validation against an external index, and linear regressions
with log-transformed wage and employment measures. Results showed high correlations across
model scores and good absolute agreement for the averaged score (ICC(Ak) = 0.827).
The averaged score was strongly associated with the Al Occupational Exposure index (r = 0.727,
n = 664), supporting convergent validity. However, this association should not be interpreted as
direct expert validation or as evidence that labor displacement had actually occurred in labor
markets. Mean occupational automatability was 32.1% and increased to 35.0% when weighted
by employment. Overall, 28.7% of employment was in occupations with scores of 50 or higher.
Clerical and repetitive text-based work received high scores, whereas physical and manual work
received low scores. Automatability showed weak but positive and significant relationships with
log median wage (r = 0.234, p < .001) and log employment (r = 0.134, p < .001). This pattern
differs from earlier forms of automation, which more often affected low- to middle-wage
occupations. The findings suggest that workforce policy should prioritize the development of skills
that complement Al and provide targeted transition support to vulnerable low-wage clerical
workers.

Keywords: Al Automatability, Automation Spectrum, Governed Prompting, Wages and Employment,

Workforce Development
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o1fnegunai lnefndngudsednsinedosdiomariifiunannmuesufifnuedeiiioddny
wazsniduuselovdsanseanuinuedosunnia (Brynjolfsson, E. et al., 2025); (Noy, S. & Zhang, W.,
2023) Aamidaimuniddgie suvszanlauaznguardrdaifuudldugnunuiisnnniifu mse
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fananifioadauumisUssiduiinsvaeuslduasdulinaduiuudeisine dounonuniFou
wingaudmiuuIuning

unAuiliaueiuIsiinItwersssmwald Tnglduuudeasnviduaiesdiousudusedy
nsgnunuiivesusiazeInnnelinseunisdssuuuuiinigiidu (CREATE-R) Fafvuauiun unum
ndng1U AT JULUUNAdNS uaztevinuegsdniau iieannisainsdeyadili findngiusessunagyili
nszuuMIUszdiunsasld nduduiesuuuliinseisusudeyadiiuarnisianuneedn
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31801TN

A5ANTUNITINY

WUUBKUNIFIT N19398L89USuMIedeyanfe il Ha1un1sincmeluudIasen1e (LLM-
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A1ULUUT1A9 WU 805 818N AIwdsINgudeya LawA N1531991U53 (TOT_EMP) LagA1919318
Uslsegu (A_MEDIAN)
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aneldfaudszana APl vedlasenns warUsnsiiany sadilddanduiudseminauudassgs (r = 0.78 - 0.84)
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pa wadanalilduansiiumarifiaussous feuringugaanluynussanay
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1. @dABmMITUILaEN13NTEA1s TdeAedsdimindaen1seny wasdndunsiise
Tuendwiignuszifiugs (> 50) enouingUszasdde 1

2. ANNADAARBITENINWUUTIARY IneTenuanduiusiiiesduseg wag ICC Wuu Two-Way
Random-Effects, Absolute-Agreement d15uUAzLUUTIBLUUTIEDY (ICC(A,1)) LAYAZUULIAY 3 WUUSABY
(ICC(AK) MawInI9nTidenuazseeuadulseans anduiusansluduves Koo, T. K. & Li, M. Y.
(Koo, T. K. & Li, M. Y., 2016)

3. andusiusszwineaziuuNsg UL Uaen 3 iuvesAasiseguLarasn 3 iuvead uIy
M3y nieun1sanneiBudu (log 19 = a + b x ALULMIYNIUIUT) waznsTeudisuasiuy
\demupiulndvesandnaiu Lﬁamuﬁfmqﬂizmﬁ% 2 lnelAs1g4iaae Python (NumpPy)

4. N1INTINABUAIUATIT G441 (Convergent Validity) Tuawil AIOE ¥4 (Felten, E. et al.
Feiaunduddenarni eUssidunsduianedyauseAvsluseduendn (Felten, E. et al., 2021)
seavduiudifiesfuazadesuu Weolsaiunnudenadesfuduiineueniimeunsuds Inglifnanud
Lﬁumimwaauﬁu;EL%wumﬂmew%aLﬁwé’ﬂgmmaaﬂmmuﬁﬁq

NAN13IY

AWATITRDITNTEAUAZLOUA 805 91T Usziduaeuuudnass 3 A1Y (GPT-4o-mini, Claude
Haiku 4.5, Gemini 2.5 Flash)

ANUADAARBITENINUUUTIRY ﬂzu,uumﬂLL‘UUaﬁ’waaﬂﬂgaamﬁawé’uﬁuﬁiﬁa%ﬁuma@luizﬁuqq
lawA Claude-Gemini r = 0.839, Gemini-GPT-4o-mini r = 0.798 wag Claude-GPT-do-mini r = 0.778
LﬁaﬂizLﬁummaamﬂé’mé’wicﬁﬁaEﬂmma two-way random-effects wu ICC(A,1) = 0.615 @35
ATLULIINLUUIADURET waz ICCAK) = 0.827 dmSunziumadsnniauwuusiaes Seldnzuun
wasuuuuaeduminszitusoly Tneennadiuiiinusenndessninuuusiass wnuns
AauAavduiusegindunnuiisdaenss

Anumsadegidiiuduinieuen Wedugazuuuedsainnsey CREATE-R fuswil AIOE w89
Felten, E. et al. 91ndeyafl Suglfd1uau 664 013w nuauduiusnisuanlusedugs (Pearson
r=0.727, 95% CI [0.689, 0.761], p < .001; Spearman rho = 0.768, p < .001) wansnaTunangu
atfuayuaunsadagiintusvinsuenimeunsuds udlildnsmsaaeuiugidenalaensmions
fudumsunuiviiniuasdlunainusay (Felten, E. et al, 2021)
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Taguszasdde 1 - sedunazn1snszans AzuuuMSALNLA My Al Taedesosay 32.1
(SD = 18.4; mé'lam 5, @940 85) Uay ﬁ'ua?{adaaﬁmﬂ’ﬂﬁ’mmﬁwmmmﬁ"u%’aaau 35.0 miﬁ'mmu
43.9 ausiuns visesesay 28.7 agllu 179 mﬁawwmvuuumm 50 FulU (5799 1) eTwdidazuuy
ma@LﬂumuLamuLLawmmammm druenTndiding LLuumamLﬂuaﬂuTmLLiaﬂwaLLavwﬂw silo (31971 2)
miﬂiummmmLLuuazﬂuﬁm 5-85 wavdAnisugu 27.3 iloenshmingrenisansnu anadeiiudu
Seuag 35.0 LLamdwm%wﬁﬁmﬁwwmﬁwmumm’?ﬂzu,uuqaﬂdwmLaé'lmjaams?iwﬁy’mmimmw fLa
43.9 &usumiaduruiansirsnulunguazuuugaiiagihse S bilduszananmssnounudiazgn
wnufivsenely

A1519% 1 aﬁaL%aWiizumsuaﬂizﬁUmsgmmuﬁéﬁa Al (Goway)

GRG A1
Awad (idasdwin) 32.1
équLﬁmmummgm 18.4
fen / goan 5/85
Aadsrstmiinnsdeny 35.0
dndunmsianuluenniignussiiiu > 50 28.7%

A15197 2 91 WNTIgNUsziiugegauazsian (wSeud1d19dsegusgt USD)

g9gn (rating) AN99 9‘?’1@@1 (rating) A9
Word Processors & Typists (85) 47,850 Athletes & Sports Competitors (5) 62,360
Data Entry Keyers (85) 39,850 Crossing Guards & Flaggers (5) 37,700
Telephone Operators (85) 39,130 Shampooers (5) 31,470
File Clerks (83) 41,270 Fallers (5) 53,900
Switchboard Operators (82) 38,370 Brickmasons & Blockmasons (5) 60,800

Faguszasdte 2 - anuduiusiuardnaaznsdnsny sansieTeiuansaaInuualui
seulusufnuszuudaluiiganeu Tnsazuuunsgrunuiisng Al fanuduiusyauaniussium
wildedAgynadAnuasni3NYeerna19isugIu (Pearson r = 0.234, p < .001) NAN1IOANBELTLFY
TWaun1s log A1974 = 10.861 + 0.00507 x AzLuUNITYALNUT Tag b = 0.00507, SE = 0.00074,
t=6.82, p <.001, 95% CI [0.00361, 0.00652], R = 0.055 Wag n = 805 ﬂ%LLNUﬂWiQﬂLmuﬁgﬂﬁ
AnuduiusauInlusEi Ui UaeN13inveeT 1IN (r = 0.134, p < .001) Wasuuna1ua
Tulndvesendiiu aruuundeluuildugdulunguandisgs (nssdl 3) agvioudh generative Al fusfa
nuanufuazaudenu daindl1dnsgs innndrenildusane egdlsing Tunguondwiidaziuugean
Favunuadioumindligs Sadunmmaniivinlimuduiudidadusuduuinlusdusi f R2 = 0.055
VU8AIINTIHUUTIARIF USRI BT UIEANKUTUTINTRaeN s iuA1Iela S auay 5.5 Faligu9
osuesfaulAduUsAvEitoddyneadn a1dsdsdueg fudadedu Wy n1sAine Yszaunisal
AAGATNMNTTH LAYANTNAAIALTH TN IE LT

M99l 3 AndssEAUNTgNUNLA SuunmueTulndarieisegu

AulnaAIdns Q1 (#gn) Q2 Q3 Q4 Q5 (g4gn)
AadsnsgnuNUi 25.7 30.9 28.1 37.0 39.0
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Occupational Al automatability vs. wage (n=805)
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3 x 104 = trend (r=+0.234)
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Al automatability rating (0-100, mean of 3 LLMs under CREATE-R)
AMA 1 LARIKUYTNIINTZBTTAUNITYNUNUTIAIE Al Wisuiurmdneisegiu (nsiden)
31881TFN W BULE UL

aAUT8Na

nans3delnmdlidenloeiy 3 d1u druusn azuunnuuuTaessauilanduiuseedly
seUga (r = 0.78-0.84) wazAzuuuadsiinuasnndesduysalluseduf (ICCAK) = 0.827) uansin
nszvIuNsUsEuneldngou CREATE-R Tiazuuufiaonndosiulussiuiiseasunisldaadodm
LUU1809 KRN AT AYLAAALA TN TYTBULIANAEAIIATINEDBINTEUIUNT ualalldununis
pyREBUANAITUR T LyudvEedoyanadnsasdunaausany

agslsfimu nslduvuasanvniueiesdiofaideodiind fy Usenisusn azuuwdunis
Jspifiuauaninsnidanaiaves Al Tlinsiansunuiifiietuats Ssmslidusiiuisudiouseni
019w lalvdmennsainisidndte Usennsiiaes Adsiuifissteordnuasliuuudassousnuanuvdna
anufidn Tnglaildtoudeduisnu SOC eo1dn Faoraiinanuaainndeuannmiviedeyaiin
Usgmsiiany wuudraesansnediaiunetaienisananuvasdeyaiiniindrodu nisldvatedreian
Svdnanzuuuaedlduilivinenfim uarruidslifinmseasuanuiussaurioonfivuuidn
Y1915 Usznsid azuuuealUdsumuuresiuuiiasauazdianat sadadunm a narivszidy
Usgn37vin nseu CREATE-R thonTanssuiunisuazanmsaiisteyailifindngiusesiu udlivinond
Tudeyafiniionun n1siFeudisuitu AIOE livdnguatuayumiunsadaguinfuduianeusnvindu
sseluTamsiiunsuszifiulaefifernaquyed 115nTI9aeUsARLENALNANENTN LaznsAANL
ToYANITINNUITIUUANY T

dufians TnssaiemnudsaunnisnnunlthresszuusaluiAganou vufnusudeu (Frey
C.B.&()sborne,hA.A.,2017x(VVebb,AA,2020)%513zuuéh1uiﬁn%aﬂauasLWﬂIuIaﬁa%ﬁéqﬂﬁauiﬁ
nsgnuuUszsiadiisuiunanaunnd wiunanuinuaruduiusnsuanlusedusisening
ALLULNNTYALNUTIAIY Generative Al AUaBN13Ainvasr191ai5051u (1 = 0.234) NaTauANAI99IA
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wnlifuvesszuudalusifganeu uazaenndosiundngiuinnuanuiuaraudenudainddid1ege
dudanuuuuInasInIwInNIMUlELsanie (Eloundou, T. et al,, 2024) A1UNTOULATHFAIANTUTI
waluladlulaunui uiseduies wadiernasundaninuazasiseulng (Acemosly, D. &
Restrepo, P., 2019); (Autor, D. H., 2015) #iaid anudusiuslallfidudunssiomn maelunguendniid
azuuugsgadmunuaiousaz nuiinivieAdteyaiifianinsligs vasfiauldussneuasinueiied
Azuuushan nduelnAziLugdnngislunualiouddsuaraunnuiadgs

dufiany dodensiannidsaull 2 femmdeuiu nguaiadouddwnfidazuuunisgn
unuiigenaslasunisauayusuinuriaznnsdsuriiuerdn imsizenainineinsiudedunns
Wasuudasdrde dunguauanuimdegaiifinzuungsasinminuennsmiu aseseu wagiay
ity Al flesnmalulaforadsuesiusenauresusnnniwinliorfnmeluisnun wingann
UunmMshauusUssanmnuin Al Saeifisndnnn uasiuiiRnuiiiinuerieuszaunsalinniiens
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